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Non-cash payment has been proven for its convenience in the location and 
time of the transaction, ease of managing expenses, and crime avoidance. 
In Vietnam, social distancing and government support have boosted its 
development. This study aims to test two models to identify the associated 
factors to Vietnamese people’s behavioral intentions when using digital 
wallets or mobile money with the moderating effects of perceived risk. The 
time frame for this cross-sectional study was September through October 
2024. An online survey was conducted with 521 participants using the 
digital wallet and 545 participants using mobile money. The structural 
equation modeling (SEM) method was applied to validate the assumptions. 
The findings revealed that (1) behavioral intention had significant and 
positive effects on hedonic motivation, facilitating conditions, and 
performance expectancy in two groups of participants; (2) the relationship 
between hedonic motivation and behavioral intention among digital wallet 
users was significantly moderated by perceived risk. The results 
correspond with the Unified Theory of Acceptance and Use of Technology 
(UTAUT) model and provide several important implications, including 1) 
an increase in performance expectancy will increase customers’ trust and 
intention to use, and 2) technological investment to increase transaction 
security.   

 

INTRODUCTION   

Technology development brings significant changes to various industries, including the payment 
industry. Cash payment was step-by-step reduced and replaced by non-cash payments. In developed 
countries, the use of cash is reduced and has become unpopular[1, 2]. In emerging countries, cash 
payment is the most common method due to the low quality and infrastructure investment [3]. 
However, there has been significant growth in cashless payments recently. This phenomenon can be 
explained by: 1) the promotion of information technology (IT) and fintech companies through mobile 
payment [4] and quick response (QR) codes[5]; 2) the COVID-19 pandemic has significantly changed 
customers’ behaviors, which is the manner of payments from contact to contactless[6]. Among non-
cash payment methods, digital wallet (DW) [7]and mobile money (MM) [8]are two popular services 
that have been adopted quickly worldwide[9-12]. 

In Vietnam, due to the effects of coronavirus infectiousness, customers have changed and adapted to 
new payment methods, such as DW and MM, especially among loving technology youth[13, 14]. 
Besides the convenience, the widespread of these payment methods can result from the decision to 
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support the project on improving non-cash payments in Vietnam from 2021 to 2025  [15]. This 
decision facilitates a positive change in non-cash payment in the economy and makes it easy to 
approach customers in remote areas[16-18]. A report by the Ministry of Information and 
Telecommunications stated that the amount of Mobile Money subscribers quadrupled in April 2022 
since the service was launched in January 2021, 67 percent of whom were from rural, mountainous, 
border, island, and remote areas[19]. Regarding digital wallets, by the end of the first quarter of 2020, 
13 million e-wallet accounts were being activated and used, with an estimated USD 57.8 million in 
their total wallet[20]. 

Numerous studies have examined cashless and digital payments in both developed and developing 
countries and identified various factors that can affect consumer intention and behavior toward 
these payment methods. The findings confirm the performance expectancy (PE)[21-23], hedonic 
motivation[24], and facilitating conditions [22, 25, 26] directly affect  customers’ behavioral 
intention in using DW and MM. Perceived risk (PR) is considered the moderating factor that could 
change the relationships among the variables[27, 28]. Moreover, these studies mainly focus on one 
payment method, DM or MM. Little relevant research is being conducted on the same customer 
groups using DW and MM in Vietnam. The comparison is essential in order to determine the 
appropriate model to explain behavioral intention in the situation of Vietnam. This finding could 
contribute to service providers or policymakers pushing the development of cashless payment 
methods. Besides, the data was collected during the period of social distancing; the results might 
explore whether the effect of variables on behavioral intention changes in a different context, 
particularly during the COVID-19 period. This study aims to examine the associated factors with 
customers' behavior in using DW and MM and the moderating effect of perceived risk in the link 
between hedonic motivation and behavioral intention. 

LITERATURE REVIEW 

Theoretical background 

Individual plans to adopt new technology are defined and examined via the technology acceptance 
model (TAM)[29]. This study proved that user acceptance of new information technology is 
influenced by perceived usefulness and simplicity. Venkatesh et al. (2003a) presented a broaden 
version of TAM dubbed the unified theory of acceptance and application of technology (UTAUT) in 
order to undertake the shortcomings of TAM. The finding showed four main core factors (effort 
expectancy, performance expectancy, social influence, and facilitating conditions) associated with 
intention and usage and four moderators of a critical relationship, i.e., gender, age, experience, and 
voluntariness of use. 

TAM and UTAUT might serve as a fundament for research on behavioral intention when applying 
non-cach payment[30]. Several research includes variables in the TAM because it may lack sufficient 
significant factors to explain behaviour intention when using an e-wallet. Therefore, several add 
other variables to the UTAUT for a better explanation, such as perceived risks, trust [31, 32], and 
trust and enjoyment[33]. Hence, this study adds hedonic motivation as a new variable into the TAM 
to explore the efficiency of UTAUT2 in clarifying behaviour intention to use DW and MM. Moreover, 
this study explores the role of moderating variables, particularly perceived risk, in the relationship 
between performance expectancy and behavioral intention. 

Theoretical framework and research hypothesis 

Hedonic motivation and behavioral intention 

The term "intention" has been defined as a function of individual attitudes towards the performance 
of behaviour based on subjective norms. Venkatesh et al. [34]defined behavioral intention as (BI) 
"the individual's chance of utilizing internet banking service" in a manner comparable to prior 
studies. 
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Hedonic motivation (HM) was mentioned as an incorporation of the delight or pleasure obtained 
from utilizing technology which was characterized as the adoption and application of technologies 
by users in the unified theory (e.g., mobile SMS). It has also been demonstrated to have a crucial 
impact on determining technological adoption and utilization[35]. The bigger the enjoyment value of 
mobile banking, the more customers' acceptance intention to use internet banking. This also implies 
that adopting such technologies might hasten additional intrinsic drive[36]. 

HM has been identified to be the most critical predictor of BI and significantly impacts consumers' 
technology acceptance[7, 36, 37]. Currently, most mobile services provide the origin pure utilitarian 
or transactional orientation without entertainment or fun purposes[38]. Previous research indicated 
that the more the enjoyment value of a mobile service, the bigger the acceptance intention of 
clients[39]. Besides, Alalwan, Dwivedi [40]concluded that the higher users’ hedonic motivation is, 
the higher the benefits users will perceive, which will impact their performance expectancy. 

Hypothesis 1a: Hedonic motivation positively affects the performance expectancy  

Hypothesis 1b: Hedonic motivation positively affects behavioral intention  

Performance expectancy  

Venkatesh, Thong [36]indicated that performance expectancy (PE) is the degree of benefit of the new 
technology provided to customers. In addition, Chao [41]revealed that PE is the extent to individual’s 
belief in how technology will enable them to accomplish more demanding performance jobs. It 
evaluates the advantages gained when initiatives are approved or implemented. Previous studies 
have discovered a strong positive correlation between PE and BI [41, 42].  

Venkatesh et al. (2003) noticed that PE is a crucial component of intention in the original UTAUT 
model. PE has encouraged BI to adopt mobile services such as mobile banking[43], mobile cloud 
services[44], mapping apps [45] and mobile learning[46]. A study conducted in Vietnam proved that 
PE significantly affects BI among youth aged 18 to 25 using e-wallets[47]. Therefore, the hypothesis 
is as follows:  

Hypothesis 2: Performance expectancy positively affects behavioral intention  

Facilitating conditions  

Venkatesh, Morris [34]define facilitating conditions (FC) is a person's conviction that a technological 
and organizational infrastructure is in place to facilitate the utilization of the system. In addition, they 
represent users' perceptions of the technical infrastructure that supports their system’s usage[36, 
48]. SMS messages require specific abilities, such as using an intelligent device, entering the 
recipient's cell number, and writing/inserting the text. Users are more probably to adopt internet 
banking if they can access a encouraging set of supporting circumstances, such as online mobile 
banking tutorials, demos, or help chat. A previous study looked at the connetcion between enabling 
conditions and the intention to use mobile banking[49]. Thus, facilitating factors might have effects 
on behavioral intention is the hypothesis. 

Hypothesis 3: Facilitating conditions positively affect behavioral intention  

Perceived risk 

Risk considerations are essential to mobile services, and the lesser the desire to utilize new 
technology, the greater the risk of utilizing it[50]. Perceived risk (PR) has been researched into six 
components: security, privacy, financial, social, time/convenience, and performance risk[51]. PR 
might strongly impact personal decision to use compared to the benefit factor[52, 53]. Hanafizadeh, 
Behboudi [54] came up with the concept of "moderating impact of perceived risk" because of 
customers’ common concerns such as privateness difficulties, system malfunctions, lost passwords, 
discordance of apps and services, anti-malware, and poor system quality. In cases of mobile payment, 
PR negatively affects the customer’s using intention[55]. Moreover, customers still doubt the safety 
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of virtual money transactions in mobile shopping systems[56]. Consequently, the following is the 
theory:  

Hypothesis 4a: Perceived risk moderates the effect of hedonic motivation on behavioral intention  

Conceptual framework 

A research model that clarifies the variables that affect BI and their proposed relationships is shown 
in Figures 1 and 2. The variables in Model 1 are categorized based on factors (hedonic motivation, 
performance expectancy, and facilitating conditions). Perceived risk was added to Model 1 as a 
moderator between behavioral intention and performance expectancy (Figure 2). In Figures 1 and 2, 
the conceptual framework is shown. The research hypotheses are represented by the connections 
between the constructs (arrows).  

 

Fig 1. Model 1’s theoretical framework 

 

Fig 2. Model 2’s theoretical framework 

Ethical approval 

This research complied with accepted ethical standards by the Institutional Review Board of the 
Institute of Theoretical and Applied Research committee (No. 2705QD/2021/HDKH-DHDT). 

METHODOLOGY 

Sample and data collection 

The research subjects of this study were Vietnamese adults. The data collection was processed from 
September to October 2024 using online convenience network sampling. This is a subset of purposive 
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sampling in which the participants were asked to send the Google link form to their acquaintances 
they knew would be suitable for the research. The criteria included: 1) Vietnamese individuals above 
18 years old, 2) having spent at least six months in Vietnam up to the time, 3) the capacity to read 
and respond to inquiries, and 4) agreement to take part in the research [57]. 

DW and MM, based on the following reasons, were selected. First, the Vietnamese Government 
supported these two non-cash payment methods[58]. Second, there are numerous advantages that 
non-cash payment brings, such as comfortability in payment, low or free service fees, and help 
control illegal income[59]. Finally, the COVID-19 pandemic has changed the behaviour of people 
switching from cash to cashless payment[6]. 

Instrument 

A self-administered questionnaire was used for to collect participants’ information. A pre-test was 
done to ensure the questionnaire was understandable before collecting the data. At this point, 
confusing or ambiguous words or statements were eliminated. The completed data collection 
questionnaire had several sections. The respondents' demographic information, including gender, 
highest education level, place of residence, average monthly income, length of time having a bank 
account, and age group, were questioned in the first section. The respondents' experience with DW 
or MM was questioned in the following sections. Respondents took a total of 10 to 15 minutes to 
complete the questionnaire. 

Measurement 

The measures were modified from earlier studies and were translated from English to Vietnamese 
using a reverse translation method to ensure similarity  [60]. The studies of  Venkatesh, Morris [34] 
and Venkatesh, Thong [36] to capture Performance expectancy and Behavioral intention was 
adopted. Following Luarn and Lin [61] andVenkatesh, Thong [36], a four-item scale captures the 
facilitating conditions. Perceived risk is captured by the studies of Featherman and Pavlou[62], Lu et 
al.[55], Martins et al.[63], Yang et al.[64], and Lingying Zhang et al.[65]. Meanwhile, hedonic 
motivation is captured by Beza et al.’ scale[66]. 5-point Likert scale was applied to assess all measures 
in which 1 = strongly disagree and 5 = strongly agree. Detailed information on the scale can be found 
in Table 2. 

Data analysis 

The descriptive statistics for participants’ profiles were computed using STATA 16 (STATA Corp Ltd) 
s (frequency and percentages). Statistical significance was determined as a p-value of 0.05.   

In the beginning, exploratory factor analysis (EFA) was applied to develop and validate 
measurement[67]. The factor loading of the indicator should be at least 0.6 since lower values show 
that the items are not contributing to measuring the construct[68]. After that, composite 
reliability[60], Cronbach Alpha, and the average variance extracted (AVE) [69]were evaluated[70]. 
The value of AVE fluctuates from 0 to 1 and should exceed 0.50 to be adequate for convergent 
validity[70]. The composite reliability (CR) or Cronbach Alpha values were greater than 0.7[70, 71].  

The proposed hypotheses were tested using structural equation modeling (SEM). The goodness of fit 
(GoF) test was applied to ascertain whether sample data fits a distribution from a certain 
population.[72]. Four indices included chi2/df, the Tucker–Lewis index (TLI), the root mean square 
error of approximation (RMSEA), and the comparative fit index (CFI).  

RESULTS 

The general characteristics of participants is shown in Table 1. 521 and 545 respondents chose digital 
wallets and mobile money, respectively. The majority of them were females (more than 60 percent). 
The average ages of the two groups were 25 and 27 years old. The respondents spent around 8 hours 
a day using the Internet. Three-quarters of the participants are living in urban areas. Most of them 
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hold a bachelor’s degree or above (around 65 percent). The remaining respondents had at least a 
high school or vocational degree (34.55 percent). The participant’s time spent using a bank account 
focuses from 1 to 3 years (37.43 percent), followed by more than five years (34.13 percent).   

Table 1: General demographic characteristics of two groups 

Demographic 
characteristics 

Digital wallet (n = 
521) 

Mobile money (n = 
545) 

 
 

No. Percentage No. Percentage 

Gender     0.001 
Male 135 25.91 191 35.05  
Female 386 74.09 354 64.95  

Highest educational level     0.006 
Highschool/vocation 180 34.55 233 42.75  
Undergraduate or higher 341 65.45 312 57.25  

Living location     >0.05 
Urban 368 70.63 392 71.93  
Rural 153 29.37 153 28.07  

Average monthly income     >0.05 
Under $658.91 297 57.01 277 50.83  
From $658.91 to $1,317.82 145 27.83 176 32.29  

Higher $1,317.82 79 15.16 92 16.88  
Time using the bank account     0.001 
Less than 1 year 72 13.82 60 11.01  

From 1 to 3 years 238 45.68 204 37.43  
From 3 to 5 years 83 15.93 83 15.23  
More than 5 years 116 22.26 186 34.13  

Not sure 12 2.3 12 2.2  

  
Mean SD Mean SD 

p-
value** 

Age (years old) 25.60 8.74 27.65 9.64 0 
Average time spending for 
using the Internet 
(hours/day) 8.26 3.69 8.16 3.74 >0.05 
* chi-squared test, ** Mann 
Whitney ranksum test      

Table 2: Measuring scales and references for the proposed constructs 

Construct Corresponding items Items sources 

Performance 
expectancy 
(PE) 

(PE1) I find digital wallet/mobile money services helpful in 
my day-to-day existence Venkatesh, 

Thong [36], 
Venkatesh, 
Morris [73] 

(PE2) I become more productive when I utilize these services 
(PE3) I find it more convenient to use a digital wallet or 
mobile money 

Facilitating 
conditions 
(FC) 

(FC1) I have the resources required to use a digital wallet or 
mobile money 

Venkatesh, 
Thong [36], 
Luarn and Lin 
[61], Venkatesh, 
Morris [73] 

(FC2) I am aware of the requirements to use a digital wallet 
or mobile money 
(FC3) The mobile wallet and other technologies I use are 
compatible with digital wallets. 
(FC4) When I have issues utilizing digital wallet or mobile 
money services, I can receive assistance from others 

Perceived 
risk (PR) 

(PR1) I will not feel entirely secure sharing personal 
information through the mobile money/digital wallet system 

Lu, Yang [55], 
Featherman and 
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(PR2) I am concerned about the use of mobile money/digital 
wallets in the future because I fear that someone else may be 
able to access my data 

Pavlou [62], 
Martins, Oliveira 
[63], Yang, Lu 
[64], Zhang, Tan 
[65] 

(PR3) I do not feel secure when transferring private 
information through the digital wallet/mobile payment 
system,  
(PR4) There is a strong chance that the digital wallet/mobile 
money system will have a problem 

Hedonic 
motivation 
(HM) 

(HM1) I feel fun when using digital wallet/mobile money 
services is fun 

Beza, Reidsma 
[66] 

(HM2) I enjoy when using digital wallet/mobile money 
services is enjoyable 
(HM3) I feel entertained when using digital wallet/mobile 
money services  

Behavioral 
intention (BI) 

(BI1) I plan to continue using digital wallet/mobile money in 
the future. Venkatesh, 

Thong [36], 
Venkatesh, 
Morris [73] 

(BI2) I will always attempt to use digital wallet/mobile money 
daily. 

(BI3) I intend to use digital wallet/mobile money frequently. 

The related components were examined using convergent validity and reliability as two critical 
criteria [74] (Table 3). Reliability was examined using three assessment disabilities: Cronbach’s 
Alpha, composite reliability, and factor loadings. Results showed that all three indices adapted 
required cut-off values. More accurately, the Cronbach’s Alpha, CR, and factor loadings ranges for 
people choosing DW were 0.867–0.906, 0.872–0.909, and 0.436–0.821, respectively. For Mobile 
money, the ranges of Cronbach’s Alpha, CR, and factor loadings were 0.864–0.916, 0.872–0.909, and 
0.417–0.792, respectively. Average variance explained with an expected result greater than 0.5 was 
used to gauge convergent validity[69]. Results revealed that all latent variables in the two models 
had satisfactory AVEs (0.644–0.926 for Model 1 and 0.617–0.785 for Model 2), satisfying the 
convergent validity requirements[75, 76]. 

Table 3: Quality criteria and factor loadings 

Construct Items 

Digital wallet Mobile money 

AVE CR 
Cronbac

h's 
alpha 

Load
ings 

AVE CR 
Cronb
ach's 
alpha 

Load
ings 

Performance 
expectancy 
(PE) 

PE1 
0.73

2 0.891 0.884 0.602 
0.73

4 0.892 0.888 0.746 

PE2    0.436    0.612 

PE3    0.604    0.757 

Facilitating 
conditions 
(FC) 

FC1 
0.62

7 0.870 0.867 0.680 
0.68

4 0.896 0.894 0.689 

FC2    0.767    0.691 

FC3    0.716    0.659 

FC4    0.611    0.527 

Hedonic 
motivation 
(HM) 

HM1 
0.77

0 0.909 0.906 0.556 
0.78

5 0.916 0.916 0.665 

HM2    0.629    0.700 

HM3    0.419    0.616 

Perceived 
risk (PR) 

PR1 
0.64

1 0.877 0.875 0.721 
0.61

7 0.865 0.864 0.701 

PR2    0.806    0.792 

PR3    0.821    0.775 
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PR4    0.751    0.734 

Behavioral 
intention 
(BI) 
  

BI1 
0.69

5 0.872 0.869 0.485 
0.72

5 0.888 0.887 0.417 

BI2    0.676    0.614 

BI3       0.685       0.621 

KMO  0.932 0.933 

The structural model analysis tested all the relationships suggested in the conceptual model. 
Asymptotic t-statistics produced by this analytical process were used to calculated the GoF of the 
path coefficients. T-tests were used to examine standard errors[77]. Path coefficients were calculated 
by analyzing the SEM analysis's inner model. The significance of those coefficients and their use in 
testing proposed relationships. The results demonstrated that all hypotheses were accurate. 

More specially, in Model 1 applied for participants choosing a DW, HM significantly impacted PE (β = 
0.86). HM (β = 0.54), PE (β = 0.19), and FC (β = 0.19) had significant effects on BI. Similarly, in Model 
1 applied for participants choosing MM, HM significantly impacted PE (β = 0.81). HM (β = 0.50), PE 
(β = 0.18), and FC (β = 0.26) had significant effects on BI. 

In Model 2, the moderate effect of PR on the relationship between HM and BI was tested. For 
participants choosing DW, HM significantly impacted PE (β = 0.76). HM (β = 0.44), PE (β = 0.28), and 
FC (β = 0.27) had significant influences on BI. Meanwhile, for participants choosing MM, HM 
significantly impacted PE (β = 0.72). HM (β = 0.41), PE (β = 0.32), and FC (β = 0.26) had significant 
effects on BI. 

Consequently, the findings demonstrate that all hypotheses were supported (see Table 4a, 4b and 
Fig. 3a, 3b, 4a, and 4b  

Table 4a: Hypotheses testing Model 1 

Pathway 
Hypo
thesis 

Digital Wallet Mobile money 

Coef. SE. P 
95% 

CI 

Decision 
on 

hypothesi
s 

Coef. SE. P 95% CI 
Decision on 
hypothesis 

HM->PE H1a 0.86 0.02 
**
* 

(0.82; 
0.89) Accepted 0.81 0.02 

**
* 

(0.77; 
0.85) Accepted 

HM->BI H1b 0.54 0.09 
**
* 

(0.37; 
0.71) Accepted 0.50 0.07 

**
* 

(0.36; 
0.64) Accepted 

PE->BI H2 0.19 0.07 
**
* 

(0.06; 
0.33) Accepted 0.18 0.05 

**
* 

(0.08; 
0.29) Accepted 

FC->BI H3 0.19 0.07 
**
* 

(0.05; 
0.33) Accepted 0.26 0.06 

**
* 

(0.14; 
0.38) Accepted 

*** p < 0.01        

 

Table 4b: Hypotheses testing Model 2 

Pathw
ay 

Hyp
oth
esis 

Digital Wallet Mobile money 

Coef. S.E. P 
95% 

CI 

Decision 
on 

hypothes
is 

Coef. S.E. P 
95% 

CI 

Decision 
on 

hypothes
is 

HM-
>PE H1a 0.76 0.03 

**
* 

(0.71; 
0.81) Accepted 0.72 0.03 *** 

(0.66; 
0.78) Accepted 

HM-
>BI H1b 0.57 0.08 

**
* 

(0.41; 
0.73) Accepted 0.38 0.08 *** 

(0.21; 
0.54) Accepted 
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PE->BI H2 0.17 0.05 
**
* 

(0.07; 
0.26) Accepted 0.21 0.04 *** 

(0.14; 
0.29) Accepted 

FC->BI H3 0.27 0.05 
**
* 

(0.18; 
0.36) Accepted 0.26 0.04 *** 

(0.18; 
0.35) Accepted 

PR->BI 
H4 

0.17 0.09 ** 
(0.01; 
0.34) 

Accepted 
0.01 0.09 

0.90
7 

(-0.17; 
0.19) 

Reject 
PR*HM
->BI -0.04 0.02 * 

(-0.08; 
0) 0.01 0.02 

0.60
2 

(-0.03; 
0.06) 

*** p < 0.01, ** p < 0.05, * p < 0.1       

Although all the hypotheses in Model 1 and Model 2 for participants choosing DW and MM services 
were supported by the data, hence, the model fit indices were applied to identify whether the PR 
leads to a stronger relationship between PE and BI. 

Model fit indices, presented in Table 5, indicated that for respondents using DW or MM services, 
model 1 is better than model 2.  

Table 5. GoF 

Index 
Model 1 Model 2 

Digital wallet Mobile money Digital wallet Mobile money 

chi2/df 4.58 6.18 3.06 4.11 

RMSEA 0.083 0.098 0.063 0.076 

CFI 0.961 0.95 0.966 0.954 

TLI 0.949 0.934 0.958 0.942 

 

 

 Fig 3a. Digital wallet – Model 1 
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Fig 3b. Digital wallet – Model 2 

 

 Fig 4a. Mobile money – Model 1 

 

Fig 4b. Mobile money – Model 2 

DISCUSSION 

This study intends to determine the appropriateness of models 1 and 2 for two groups of clients 
utilizing mobile money and digital wallet services. Model 2 demonstrates that perceived risk 
moderates the impact of performance expectation on the behavioral intention for both services. 
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Perceived risk improves the goodness of fit metrics in both service groups, making model 2 
meaningful for both groups.  

The impact of performance expectancy on behavioral intention increased from 0.19 to 0.28 and from 
0.18 to 0.32 with the digital wallet service and mobile money service, respectively. Meanwhile, the 
influence of hedonic motivation on performance expectancy reduced from 0.86 to 0.76 with the 
digital wallet service and from 0.81 to 0.72 with the mobile money service. The R-squared values of 
performance expectancy and behavioral intention are more significant than 0.1, showing the good 
explanatory power of model 2. With the lower p-value and better fitness index, model 2 has explained 
66 percent of customers' behavioral intention of using digital wallet services and 69 percent of the 
behavioral intention of customers using mobile money services[78]. The findings show remarkable 
similarities in the results of the two services. 

Our findings illustrate that hedonic motivation directly and positively affects behavioral intention. 
This result is consistent with previous studies evaluating the effect of customers’ hedonic motivation 
on behavioral intention[7, 79-81]. With hedonic adaption, users have a higher motivation while using 
services[82-84]. Similarly, our results confirm that hedonic motivation positively affects 
performance expectancy, which is similar to previous studies[8, 81, 85, 86].  

The presence of perceived risk as a mediator variable was not established. In order to find such an 
effect, perceived risk must operate as a predictor variable for the dependent variable of behavioral 
intention. Previous research has shown that perceived risk has a negative influence on behavioral 
intention, which means the greater the perceived risk, the lower the behavioral intention[87-89]. It 
is worth noting that when the perceived risk variable is included, the impact from performance 
expectancy to behavioral intention significantly increases with both services. Besides, a deeper 
understanding of the potential risks helps customers increase their vigilance and learn more about 
their services. This process helps the service spread and easily reach end users. 

The notable finding of this study is that perceived risk has moderating influence on the linkage 
between hedonic motivation and behavioral intention among DW customers, whereas MM does not. 
The study contributed theoretical implications when asserting that hedonic motivation, performance 
expectancy, and facilitating conditions affect behavioral intention. An increase in performance 
expectancy will increase customers’ trust and intention to use these services[46, 90]. Besides, 
performance expectancy is influenced by hedonic motivation. 

Likewise, some practical implications could be drawn up. Scams and frauds using high technologies 
in Vietnam have increased in recent years[91, 92]. Even though official social media warnings on this 
issue have been given, many customers still lose money because of fraud. Therefore, strengthening 
individuals' perceived risk is necessary[63]. Electronic, non-cash transactions are an inevitable trend 
that comes with the advancement of technology. Therefore, being equipped with safe financial 
practices is essential. The banking industry inherently needs a high level of security. Besides, 
technology needs to be invested in enhancing customers' safety and giving them a feeling of security 
while using services to protect the bank and its customers. Regarding management, the hedonic 
motivation, performance expectancy, and facilitating conditions factors also need to be improved for 
customers to increase their intention to use services. Investing in technology systems and enhancing 
the friendliness of the service’s interface would make customers feel more satisfied and secure[93-
95]. 

It is plausible that several limitations may influence the results obtained. First, two groups of 
customers are only asked to send feedback about one out of the two services. Therefore, this study 
has not compared which service customers prefer. However, the results show that the indicators of 
the two service groups are similar. Further research can investigate customers using both services 
to make the necessary comparisons to determine behavioral intention differences. In addition, the 
convenience sampling technique might bring potential bias in the analysis due to the social distance 
of COVID-19. 
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Further study should apply another data collecting method, such as probability sampling, to increase 
and make statistically solid inferences about the population. Finally, this is a cross-sectional study, 
so exploring cause-and-effect relationships among variables is complex. Longitudinal research could 
be used to track the evolution of variables over time. 

CONCLUSION 

Digital payment has become more popular, especially in emerging economies like Vietnam. Digital 
wallets and mobile money were chosen to be studied in the context of the COVID-19 pandemic, while 
the government encourages using non-cash payment. The study demonstrated the influence of 
hedonic motivation, performance expectancy, and facilitating conditions on behavioral intentions. 
Moreover, the perceived risk does not moderate the relationship between hedonic motivation and 
behavioral intention among MM users. 

REFERENCES 

1. Snellman, J.S., J.M. Vesala, and D.B. Humphrey, Substitution of Noncash Payment Instruments 
for Cash in Europe. Journal of Financial Services Research, 2001. 19(2): p. 131-145. 

2. Pritchard, G., J. Vines, and P. Olivier, Your Money's No Good Here: The Elimination of Cash 
Payment on London Buses, in Proceedings of the 33rd Annual ACM Conference on Human 
Factors in Computing Systems. 2015, Association for Computing Machinery: Seoul, Republic 
of Korea. p. 907–916. 

3. Ahmad, Z., et al., Digital transformation of family-owned small businesses: a nexus of internet 
entrepreneurial self-efficacy, artificial intelligence usage and strategic agility. Kybernetes, 
2024. ahead-of-print(ahead-of-print). 

4. Chang, V., et al., Towards the Customers' Intention to Use QR Codes in Mobile Payments. Journal 
of Global Information Management, 2021. 29: p. 1-21. 

5. Tu, M., et al., The Adoption of QR Code Mobile Payment Technology During COVID-19: A Social 
Learning Perspective. Frontiers in Psychology, 2022. 12. 

6. Mohd Zahari, M.F., et al., The Effects of COVID-19 Pandemic and Cashless Society. 2021. 
7. Alalwan, A.A., et al., Consumer adoption of Internet banking in Jordan: Examining the role of 

hedonic motivation, habit, self-efficacy and trust. Journal of Financial Services Marketing, 
2015. 20(2): p. 145-157. 

8. Baabdullah, A.M., Consumer adoption of Mobile Social Network Games (M-SNGs) in Saudi 
Arabia: The role of social influence, hedonic motivation and trust. Technology in Society, 2018. 
53: p. 91-102. 

9. Rathore, H.S., Adoption of digital wallet by consumers. BVIMSR’s journal of management 
research, 2016. 8(1): p. 69-75. 

10. Jain, M. and R. Singla, Digital Wallet: A handy Solution in the wake of Demonetisation. Economic 
times, 2017. 8(1): p. 188-197. 

11. Suri, T., Mobile money, in 50 Years of Central Banking in Kenya, P. Njoroge and V. Murinde, 
Editors. 2021, Oxford Univeristy Press. p. 146. 

12. Economides, N. and P. Jeziorski, Mobile money in Tanzania. Marketing Science, 2017. 36(6): 
p. 815-837. 

13. Hoang, H. and T. Le Trinh, The Role of Promotion in Mobile Wallet Adoption – A Research in 
Vietnam. Advances in Science, Technology and Engineering Systems Journal, 2020. 5: p. 290-
298. 

14. Ahmad, Z., et al., Does female descendent entrepreneur's self-compassion and financial literacy 
matter for succession success? Journal of Family Business Management, 2024. 14(3): p. 437-
461. 

15. Vietnamese Government, Decision to approve the project on developing Vietnam’s non-cash 
payment for the 2021-2025 period. 2021. 



Doan et al.                                                             Associated Factors to the Behavioral Intention of Using Non-Cash Payment Methods 

18183 

16. Lin, F.-T., H.-Y. Wu, and T.N.N. Tran, Internet banking adoption in a developing country: an 
empirical study in Vietnam. Information Systems and e-Business Management, 2015. 13(2): 
p. 267-287. 

17. Liang, C.-C. and N.L. Nguyen, Marketing strategy of internet-banking service based on 
perceptions of service quality in Vietnam. Electronic Commerce Research, 2018. 18(3): p. 629-
646. 

18. Dinh, V., U. Le, and P. Le, Measuring the impacts of internet banking to bank performance: 
Evidence from Vietnam. The Journal of Internet Banking and Commerce, 2015. 20(2). 

19. Ministry of Information and Telecommunications of Vietnam. Mobile Money subscribers 
quadruple in six months. 2022  03 October 2022]; Available from: 
https://english.mic.gov.vn/Pages/TinTuc/154559/Mobile-Money-subscribers-quadruple-
in-six-months.html. 

20. Ministry of finance. Over 225 million transactions made via e-wallets in Q1. 2020  03 October 
2022]; Available from: 
https://mof.gov.vn/webcenter/portal/tttpen/pages_r/l/detail?dDocName=MOFUCM18105
5. 

21. Bagla, R.K. and V. Sancheti, Gaps in customer satisfaction with digital wallets: challenge for 
sustainability. Journal of Management Development, 2018. 37(6): p. 442-451. 

22. Trong Nhan, P., H. Vi, and P.V. Le-Hoang, Factors Affecting the Behavioral Intention and 
Behavior of Using E-Wallets of Youth in Vietnam. Journal of Asian Finance, Economics and 
Business, 2020. 7: p. 295-302. 

23. Shane, J., T.J. Chan, and Y. Mohan, Factors Affecting the Intention to Adopt E-Wallet Services 
During Covid-19 Pandemic. 2022. 5: p. 28-40. 

24. Ly, H.T.N., N.V. Khuong, and T.H. Son, DETERMINANTS AFFECT MOBILE WALLET 
CONTINUOUS USAGE IN COVID 19 PANDEMIC: EVIDENCE FROM VIETNAM. Cogent Business & 
Management, 2022. 9(1): p. 2041792. 

25. Puasa, S., et al., Consumers’ behavioural intention to use e-wallet during the pandemic of COVID-
19: applying the unified theory of acceptance and use of technology (UTAUT). Labuan Bulletin 
of International Business and Finance (LBIBF), 2021: p. 64-78. 

26. Iram, T., A.R. Bilal, and Z. Ahmad, Investigating the mediating role of financial literacy on the 
relationship between women entrepreneurs' behavioral biases and investment decision making. 
Gadjah Mada International Journal of Business, 2023. 25(1): p. 93-118. 

27. Loh, X.-M., et al., Switching from cash to mobile payment: what's the hold-up? Internet 
Research, 2021. 31(1): p. 376-399. 

28. Sharif, S., et al., Consumer quality management for beverage food products: analyzing 
consumer’ perceptions toward repurchase intention. The TQM Journal, 2024. 36(2): p. 431-
459. 

29. Davis, F.D., Perceived usefulness, perceived ease of use, and user acceptance of information 
technology. MIS quarterly, 1989: p. 319-340. 

30. Shin, D.-H., Towards an understanding of the consumer acceptance of mobile wallet. Computers 
in Human Behavior, 2009. 25(6): p. 1343-1354. 

31. Yang, Y., et al., Understanding perceived risks in mobile payment acceptance. Industrial 
Management & Data Systems, 2015. 

32. Iram, T., et al., Does financial mindfulness make a difference? A nexus of financial literacy and 
behavioural biases in women entrepreneurs. IIM Kozhikode Society & Management Review, 
2023. 12(1): p. 7-21. 

33. To, A.T. and T.H.M. Trinh, Understanding behavioral intention to use mobile wallets in vietnam: 
Extending the tam model with trust and enjoyment. Cogent Business & Management, 2021. 
8(1): p. 1891661. 

34. Venkatesh, V., et al., User Acceptance of Information Technology: Toward a Unified View. MIS 
Quarterly, 2003. 27(3): p. 425-478. 

https://english.mic.gov.vn/Pages/TinTuc/154559/Mobile-Money-subscribers-quadruple-in-six-months.html
https://english.mic.gov.vn/Pages/TinTuc/154559/Mobile-Money-subscribers-quadruple-in-six-months.html
https://mof.gov.vn/webcenter/portal/tttpen/pages_r/l/detail?dDocName=MOFUCM181055
https://mof.gov.vn/webcenter/portal/tttpen/pages_r/l/detail?dDocName=MOFUCM181055


Doan et al.                                                             Associated Factors to the Behavioral Intention of Using Non-Cash Payment Methods 

18184 

35. Brown, S.A. and V. Venkatesh, Model of adoption of technology in households: A baseline model 
test and extension incorporating household life cycle. MIS quarterly, 2005: p. 399-426. 

36. Venkatesh, V., J.Y. Thong, and X. Xu, Consumer acceptance and use of information technology: 
extending the unified theory of acceptance and use of technology. MIS quarterly, 2012: p. 157-
178. 

37. Van der Heijden, H., User Acceptance of Hedonic Information Systems. MIS Quarterly, 2004. 
28(4): p. 695-704. 

38. Kim, B. and I. Han, The role of utilitarian and hedonic values and their antecedents in a mobile 
data service environment. Expert Systems with Applications, 2011. 38(3): p. 2311-2318. 

39. Zhang, L., J. Zhu, and Q. Liu, A meta-analysis of mobile commerce adoption and the moderating 
effect of culture. Computers in Human Behavior, 2012. 28: p. 1902–1911. 

40. Alalwan, A.A., Y.K. Dwivedi, and N.P. Rana, Factors influencing adoption of mobile banking by 
Jordanian bank customers: Extending UTAUT2 with trust. International Journal of Information 
Management, 2017. 37(3): p. 99-110. 

41. Chao, C.-M., Factors Determining the Behavioral Intention to Use Mobile Learning: An 
Application and Extension of the UTAUT Model. Frontiers in psychology, 2019. 10: p. 1652-
1652. 

42. Nguyen, D.N., et al., Hand that rocks the cradle: Impact of personality on business succession in 
family-owned small business. Journal of the International Council for Small Business, 2024: p. 
1-24. 

43. Tan, E. and J. Leby Lau, Behavioural intention to adopt mobile banking among the millennial 
generation. Young Consumers, 2016. 17(1): p. 18-31. 

44. Matar, N., et al., A multi-group structural equation modeling for assessing behavioral intention 
of using mobile cloud computing-the case of jordanian universities during the covid19 
pandemic. The International Arab Journal of Information Technology, 2022. 19(2): p. 203-
213. 

45. Gupta, A. and N. Dogra, Tourist adoption of mapping apps: a UTAUT2 perspective of smart 
travellers. Tourism and hospitality management, 2017. 23(2): p. 145-161. 

46. Lowenthal, J.N., Using Mobile Learning: Determinates Impacting Behavioral Intention. 
American Journal of Distance Education, 2010. 24(4): p. 195-206. 

47. Phan, T.N., T.V. Ho, and P.V. Le-Hoang, Factors affecting the behavioral intention and behavior 
of using e-wallets of youth in Vietnam. The Journal of Asian Finance, Economics and Business, 
2020. 7(10): p. 295-302. 

48. Iram, T., et al., Does entrepreneur's self-compassion improve the family-owned small business's 
performance? SCMS Journal of Indian Management, 2022. 5(7): p. 987-1023. 

49. Yu, C.-S., Factors affecting individuals to adopt mobile banking: Empirical evidence from the 
UTAUT model. Journal of electronic commerce research, 2012. 13(2): p. 104. 

50. Trivedi, J., Examining the Customer Experience of Using Banking Chatbots and Its Impact on 
Brand Love: The Moderating Role of Perceived Risk. Journal of Internet Commerce, 2019. 
18(1): p. 91-111. 

51. Gerber, C., S. Ward, and L. Goedhals-Gerber, The impact of perceived risk on on-line purchase 
behaviour. Risk Governance and Control: Financial Markets & Institutions, 2014. 4: p. 99-106. 

52. Bauer, R.A., Consumer behavior as risk. Marketing: Critical perspectives on business and 
management, 2001. 3: p. 13. 

53. Ostlund, L.E., Perceived innovation attributes as predictors of innovativeness. Journal of 
consumer research, 1974. 1(2): p. 23-29. 

54. Hanafizadeh, P., et al., Mobile-banking adoption by Iranian bank clients. Telematics and 
Informatics, 2014. 31(1): p. 62-78. 

55. Lu, Y., et al., Dynamics between the trust transfer process and intention to use mobile payment 
services: A cross-environment perspective. Information & Management, 2011. 48(8): p. 393-
403. 



Doan et al.                                                             Associated Factors to the Behavioral Intention of Using Non-Cash Payment Methods 

18185 

56. de Kerviler, G., N.T.M. Demoulin, and P. Zidda, Adoption of in-store mobile payment: Are 
perceived risk and convenience the only drivers? Journal of Retailing and Consumer Services, 
2016. 31: p. 334-344. 

57. Ahmad, Z., W.M. Chan, and E.Y.N. Oon, Does congruence between a descendant entrepreneur’s 
personality traits and family business values matter for succession? Frontiers in Psychology, 
2023. 14(5): p. 67-98. 

58. Vietnamese Government, the Directive No. 22/CT-TTg on the promotion of non-cash payment 
development solutions in Vietnam, in Prime Minister Prime Minister, Editor. 2020. 

59. Manickam, T., V. Gomathinayagam, and S.M. Subramanian, Effect Of Cashless Payment 
Methods: A Case Study Perspective Analysis. International Journal of Scientific & Technology 
Research, 2019. 8: p. 394-397. 

60. Douglas, S.P. and C.S. Craig, On improving the conceptual foundations of international 
marketing research. Journal of International Marketing, 2006. 14(1): p. 1-22. 

61. Luarn, P. and H.-H. Lin, Toward an understanding of the behavioral intention to use mobile 
banking. Computers in human behavior, 2005. 21(6): p. 873-891. 

62. Featherman, M.S. and P.A. Pavlou, Predicting e-services adoption: a perceived risk facets 
perspective. International journal of human-computer studies, 2003. 59(4): p. 451-474. 

63. Martins, C., T. Oliveira, and A. Popovič, Understanding the Internet banking adoption: A unified 
theory of acceptance and use of technology and perceived risk application. International journal 
of information management, 2014. 34(1): p. 1-13. 

64. Yang, S., et al., Mobile payment services adoption across time: An empirical study of the effects 
of behavioral beliefs, social influences, and personal traits. Computers in Human Behavior, 
2012. 28(1): p. 129-142. 

65. Zhang, L., et al., Dimensions of perceived risk and their influence on consumers’ purchasing 
behavior in the overall process of B2C, in Engineering education and management. 2012, 
Springer. p. 1-10. 

66. Beza, E., et al., Exploring farmers’ intentions to adopt mobile Short Message Service (SMS) for 
citizen science in agriculture. Computers Electronics in Agriculture, 2018. 151: p. 295-310. 

67. Watkins, M.W., Exploratory factor analysis: A guide to best practice. Journal of Black 
Psychology, 2018. 44(3): p. 219-246. 

68. Awang, Z., et al., An evaluation of measurement model for medical tourism research: the 
confirmatory factor analysis approach. International Journal of Tourism Policy, 2015. 6(1): p. 
29-45. 

69. Mikulincer, M. and P.R. Shaver, Attachment in adulthood: Structure, dynamics, and change. 
2010, New York: The Guilford Press. 

70. Hair Jr, J.F., et al., A primer on partial least squares structural equation modeling (PLS-SEM). 
2021: Sage publications. 

71. Ahmad, Z., et al., Factors influencing successful succession transition of small family businesses 
in Pakistan. Pacific Business Review International, 2018. 10(11): p. 56-89. 

72. Shi, D., T. Lee, and A. Maydeu-Olivares, Understanding the model size effect on SEM fit indices. 
Educational psychological measurement, 2019. 79(2): p. 310-334. 

73. Venkatesh, V., et al., User acceptance of information technology: Toward a unified view. MIS 
quarterly, 2003: p. 425-478. 

74. Chin, W.W. and P.R. Newsted, Structural equation modeling analysis with small samples using 
partial least squares. Statistical strategies for small sample research, 1999. 1(1): p. 307-341. 

75. Hair, J.F., et al., Multivariate data analysis: A global perspective (Vol. 7). 2010, Upper Saddle 
River, NJ: Pearson. 

76. Ahmad, Z. and M.R. Yaseen, Moderating role of education on succession process in small family 
businesses in Pakistan. Journal of Family Business Management, 2018. 8(3): p. 293-305. 

77. Sellin, N. and J.P. Keeves, Path analysis with latent variables. The international encyclopedia 
of education, 1994. 2: p. 4352-4359. 



Doan et al.                                                             Associated Factors to the Behavioral Intention of Using Non-Cash Payment Methods 

18186 

78. Wright, S., Correlation and causation. Journal of Agricultural Research, 1921. 20(7): p. 557-
585. 

79. Fadzil, F. A study on factors affecting the behavioral intention to use mobile apps in Malaysia. 
2017, December 19.  DOI: https://dx.doi.org/10.2139/ssrn.3090753. 

80. Ursavaş, Ö.F., The Influence of Hedonic and Utilitarian Motivations on Teachers Behavioral 
Intention to Use Tablet PCs. Education and Science, 2015. 40(179): p. 25-43. 

81. Nikolopoulou, K., V. Gialamas, and K. Lavidas, Habit, hedonic motivation, performance 
expectancy and technological pedagogical knowledge affect teachers’ intention to use mobile 
internet. Computers and Education Open, 2021. 2: p. 100041. 

82. Wakefield, K.L. and J.H. Barnes, Retailing hedonic consumption: a model of sales promotion of 
a leisure service. Journal of Retailing, 1996. 72(4): p. 409-427. 

83. Ding, C.G. and T.H. Tseng, On the relationships among brand experience, hedonic emotions, and 
brand equity. European Journal of Marketing, 2015. 49(7/8): p. 994-1015. 

84. Hellén, K. and M. Sääksjärvi, Happiness as a predictor of service quality and commitment for 
utilitarian and hedonic services. Psychology & Marketing, 2011. 28(9): p. 934-957. 

85. Nordhoff, S., et al., Using the UTAUT2 model to explain public acceptance of conditionally 
automated (L3) cars: A questionnaire study among 9,118 car drivers from eight European 
countries. Transportation Research Part F: Traffic Psychology and Behaviour, 2020. 74: p. 
280-297. 

86. Al-Azawei, A. and A. Alowayr, Predicting the intention to use and hedonic motivation for mobile 
learning: A comparative study in two Middle Eastern countries. Technology in Society, 2020. 
62: p. 101325. 

87. Choi, J., A. Lee, and C. Ok, The Effects of Consumers' Perceived Risk and Benefit on Attitude and 
Behavioral Intention: A Study of Street Food. Journal of Travel & Tourism Marketing, 2013. 
30(3): p. 222-237. 

88. Kaur, S. and S. Arora, Role of perceived risk in online banking and its impact on behavioral 
intention: trust as a moderator. Journal of Asia Business Studies, 2021. 15(1): p. 1-30. 

89. Sohn, H.-K., T.J. Lee, and Y.-S. Yoon, Relationship between Perceived Risk, Evaluation, 
Satisfaction, and Behavioral Intention: A Case of Local-Festival Visitors. Journal of Travel & 
Tourism Marketing, 2016. 33(1): p. 28-45. 

90. Do Nam Hung, J.T., S. Azam, and A.A. Khatibi, An empirical analysis of perceived transaction 
convenience, performance expectancy, effort expectancy and behavior intention to mobile 
payment of Cambodian users. International Journal of Marketing Studies, 2019. 11(4): p. 77-
90. 

91. Van Nguyen, T., The modus operandi of transnational computer fraud: a crime script analysis 
in Vietnam. Trends in Organized Crime, 2022. 25(2): p. 226-247. 

92. Nguyen, T.T.C., et al., The impact of opportunity factors on fraudulent behavior in the 
Vietnamese stock market. Journal of Asian Economics, 2022. 79: p. 101451. 

93. Wang, C.-M. and C.-H. Huang, A study of usability principles and interface design for mobile e-
books. Ergonomics, 2015. 58(8): p. 1253-1265. 

94. Tsai, T.-H., et al. Design of a Mobile Augmented Reality Application: An Example of 
Demonstrated Usability. in Universal Access in Human-Computer Interaction. Interaction 
Techniques and Environments. 2016. Cham: Springer International Publishing. 

95. Mkpojiogu, E.O., A. Hussain, and K. Tan, The impact of user demographics on the perceived 
satisfaction and comfort of use of m-banking apps. International Journal of Innovative 
Technology and Exploring Engineering, 2019. 8(8S). 

 

 

  

https://dx.doi.org/10.2139/ssrn.3090753

